Understanding Al Agents for Social Good

Executive Summary

Artificial intelligence agents — software systems capable of perceiving their environment,
making decisions, and taking actions to achieve defined goals — are rapidly moving from the
world of technology companies into the nonprofit sector. For NGOs, these tools represent a
profound opportunity: the chance to amplify human effort, stretch limited budgets, handle
repetitive administrative tasks, and focus staff energy on the work that only people can do.
This guide introduces NGO practitioners to what Al agents are, how they differ from simpler
automation tools, and why they matter for mission-driven organizations right now.

An Alagent is not simply a chatbot or a rule-based script. Unlike traditional automation —
which follows rigid, pre-programmed instructions — Alagents can reason, adapt, learn from
context, and handle complex, multi-step tasks. A basic chatbot answers a fixed set of
questions;an Al agent can research a topic online, summarize findings, draft a report, send it
for review, and follow up — all without moment-to-moment human instruction. This
distinction matters enormously for NGOs, because the challenges nonprofits face are rarely
simple or predictable.

The evidence base for Alin the social sector is growing quickly. Studies from organizations
like the Stanford Social Innovation Review, McKinsey Global Institute, and the OECD find
that Al-augmented nonprofits can reduce time spent on administrative tasks by 20-40%,
freeing staff for higher-value mission work. Smaller organizations especially stand to benefit,
since Al can help a team of five produce outputs that previously required a team of twenty. At
the same time, the field is still maturing — questions of data privacy, algorithmic bias, and
ethical deployment require careful attention.

This guide is designed for NGO leaders, program managers, and communications teams who
want to understand Al agents well enough to make informed decisions about adopting them.
It does not assume a technical background. By the end, readers will understand what Al
agents are, why they are relevant to the social sector, how to evaluate their organization's
readiness, and what practical first steps look like. Subsequent guides in this series cover
hands-on implementation (Guide 2) and responsible, ethical deployment (Guide 3).

Evidence Table
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stages of Al adoption. surveys) organizations thatinvestin Al literacy now.
Alagents are most effective when paired High (expert Alshould augment, not replace, human
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Step-by-Step Framework

Step 1: Build a Shared Vocabulary

Before your organization can make decisions about Al agents, everyone involved needs to
speak the same language. Start by distinguishing between three commonly confused terms:

e Automation: Rule-based systems that execute predefined tasks (e.g., sending a scheduled
email). No learning or adaptation occurs.

e Al tools: Systems that use machine learning to perform specific tasks such as translating
text, generating images, or summarizing documents. These tools require human prompts
and are task-specific.

e Alagents: Systems that can pursue a goal across multiple steps, use tools (such as
searching the web, writing code, or drafting documents), and adapt based on
intermediate results — all with minimal human intervention between steps.

Run a short "Al vocabulary" session with your team using everyday analogies. An Alagent is
less like a calculator and more like a capable intern who, when given a clear goal, can
research, draft, revise, and report back — but who still needs supervision and direction.

Step 2: Map Your Organization's Pain Points

The best starting point for Aladoption is not technology — it is your organization's most
frustrating, time-consuming, repetitive work. Conduct a simple internal survey asking staff:
What tasks take the most time but require the least judgment? Common answers from NGOs
include:

e Manually drafting grant report narratives from data that already exists in spreadsheets

e Responding to frequently asked questions from the public or volunteers

e Translating documents into multiple languages



e Monitoring news coverage and compiling media summaries
e Scheduling and coordinating logistics across time zones
e Extracting key information fromlarge document sets

Create a "pain point inventory" — a simple list categorizing tasks by (a) time consumed and (b)
degree of specialized human judgment required. Tasks that are time-consuming but low in
judgment are your best candidates for Alaugmentation in the first phase.

Step 3: Understand the Agent Landscape

Alagents come in several forms. Understanding the main categories helps NGOs identify
which type fits which need:

e Taskagents: Designed for a specific, repeatable job—e.g., a customer service agent that
handles FAQ responses. Low complexity, low risk, easy to deploy.

e Researchagents: Can search the internet, read documents, synthesize information, and
produce summaries or briefings. Highly useful for policy analysis, landscape research,
and donor research.

o Workflow agents: Orchestrate a series of steps across multiple tools —e.g., receiving a
form submission, summarizing it, routing it to the right team member, and logging the
interaction. More complex to set up but powerful for operations.

e Creative agents: Draft written content, generate ideas, produce communications
materials. Widely used in NGO communications and fundraising.

e Multi-agent systems: Multiple Al agents working together, each handling a specialized
role —e.g., one agent researches, another writes, a third edits. Emerging area with high
potential but higher complexity.

For most NGOs beginning their Aljourney, task agents and research agents offer the best
balance of impact and simplicity.

Step 4: Assess Organizational Readiness

Before selecting any Al tool, honestly assess your organization's current readiness across
four dimensions:

1. Data readiness: Is your data organized, accessible, and relatively clean? Alagents are
only as good as the information they can access. If your program data lives in fifteen
different spreadsheets with no consistent format, Al will struggle.

2. Staff readiness: Do staff members have basic digital literacy? Do they have the time and
psychological safety to experiment with new tools? Resistance to change is the most
common reason Al adoptions fail.

3.Governance readiness: Does your organization have data privacy policies, guidelines for
use of third-party tools, and a process for reviewing Al-generated outputs? These
guardrails are essential.

4. Missionreadiness: Have you asked the question, "Could this Aluse harm any of the
communities we serve?" For NGOs working with refugees, abuse survivors, or other



vulnerable populations, data privacy and power dynamics require extra scrutiny.

Use a simple 1-5 scoring grid for each dimension and discuss the results as a team. This
conversation itself is valuable, even before any tool is deployed.

Step 5: Start with a Bounded Pilot

The biggest mistake organizations make is trying to "implement AI" as a broad organizational
initiative. Instead, start small and deliberately. Choose one specific pain point from your
inventory (Step 2), select one Altool appropriate to the task category (Step 3), and runa
four-to-six-week pilot with a small group of willing staff.

Define in advance:

e What does success look like? (e.g., "Drafting this report takes 4 hours instead of 12")
e Who is responsible for monitoring outputs?

e What is the human review process before any Al output goes external?

e What ethical considerations apply to this specific use case?

Document the pilot carefully and share learnings across the organization. A small, well-
documented win builds institutional confidence far more effectively than an ambitious
deployment that collapses under its own complexity.

Step 6: Evaluate and Scale Thoughtfully

After the pilot, review what you learned against your success metrics. Ask:

e Did the tool performas expected?

e Were there errors, biases, or unexpected outputs?

e How did staff feel about using it?

e Did it genuinely free up time, or did it create new overhead?

e Would the communities you serve be comfortable knowing this tool was used?

If the pilot succeeded, document a simple "playbook" — a one-page guide describing what the
agent does, how to use it, how to review its outputs, and who to contact if something goes
wrong. This playbook becomes the foundation for scaling the tool to other teams or use
cases.If the pilot revealed problems, treat that as valuable learning: either iterate on the
approach or move on to a different use case.

Tools & Templates

Al Readiness Self-Assessment (Template)

A four-quadrant grid scoring your organization on Data, Staff, Governance, and Mission
Readiness (1-5 scale). Available as a free worksheet from organizations like TechSoup and the
Digital Civil Society Lab.



Pain Point Inventory (Template)

A simple spreadsheet with columns: Task Name | Department | Estimated Time/Week |
Judgment Required (Low/Medium/High) | Al Potential (Yes/Possible/No). Staff complete this
individually and results are aggregated.

Recommended Starter Tools for NGOs (2025-2026)

o ChatGPT (OpenAl) or Claude (Anthropic): Versatile Al assistants for writing, summarizing,
translating, and research tasks. Both offer nonprofit discounts.

o Perplexity AL Research agent that searches the web and synthesizes sources with
citations —ideal for policy analysis and landscape scans.

e Notion AI or Microsoft Copilot: Integrated into common productivity tools; good for
drafting meeting notes, action items, and internal documents.

o Make (formerly Integromat) or Zapier: Workflow automation platforms that can connect
Altools with other systems (CRMs, email platforms, databases).

e Otterai: Transcribes and summarizes meetings automatically — an easy, low-risk entry
point for many NGOs.

Al Vocabulary One-Pager

A printable reference card defining : Alagent, automation, machine learning, large language
model (LLM), prompt, hallucination, bias, and human-in-the-loop. Use in onboarding and
team training.

Pilot Project Charter (Template)

A one-page document capturing: Pilot Goal | Use Case | Tool Selected | Team Members |
Timeline | Success Metrics | Review Process | Ethical Considerations. Keeps pilots focused and
accountable.

Case Vignettes

Case Vignette 1: Research Agents at a Human Rights Documentation NGO

A mid-sized human rights organization was spending an average of 12-15 hours per week on a
single task: monitoring news sources in five languages for incidents relevant to their
documentation work, then summarizing findings for program staff. Two junior researchers
were effectively full-time monitors, leaving little capacity for the analysis and advocacy work
that defined the organization's mission.

In early 2024, the organization piloted a research agent — a configuration of Perplexity Al
combined with a custom summary template — that monitored pre-defined source lists daily
and produced structured briefings each morning. After a four-week pilot with careful human
review of every output, the team found that the agent handled approximately 80% of the
monitoring task reliably. Researchers shifted from collecting information to analyzing and
acting on it.


http://otter.ai/

The key lessons: (1) The agent's outputs were good but not perfect — human review remained
essential, especially for complex political contexts. (2) Staff needed two training sessions
before they felt confident using the tool. (3) The organization added a data ethics review to
their pilot evaluation, asking: "Does the way this tool works compromise source
confidentiality?" In this case it did not, but the question itself was valuable to ask.

Case Vignette 2: Workflow Agents at a Community Foundation

A community foundation managing over 200 active grants was struggling with administrative
overhead. Program officers spent significant time routing incoming grant reports to the right
reviewer, extracting data for board reports, and following up with grantees on missing
documentation. These tasks were important but consumed an estimated 30% of program
officer time.

The foundation deployed a workflow agent using Make (formerly Integromat) connected to
their grants management system. When a grantee submitted a report, the agent
automatically: extracted key metrics, compared them to the original grant targets, flagged
any significant variances, drafted a summary for the assigned program officer, and scheduled
a follow-up reminder if documentation was incomplete.

Program officers' time on these administrative tasks dropped by approximately 60% over the
following quarter. Crucially, the workflow was designed with a mandatory human review step
before any communication went to grantees — the agent drafted, but humans sent. This
"human-in-the-loop" design preserved relationships and accountability while dramatically
reducing overhead.

Metrics & KPIs

Metric / KPI What It Measures How to Measure

Before/after time-tracking for target

Hours saved per week
tasks

Time freed by Al from manual tasks

Output quality score

Staff comfort level

Error/hallucination
rate

Pilot success rate

Time-to-deployment

Mission alignment
score

Accuracy and usefulness of Al-generated
work

Team confidence and willingness touse Al
tools

Frequency of factual errors or problematic
outputs

Proportion of pilots that achieved defined
goals

How quickly your org can move from idea to
working pilot

Whether Aluse aligns with organizational
values

Human review rating (1-5) on a sample of
outputs

Monthly pulse survey (1-5 scale)

Logged during human review process

Number of successful pilots / total pilots
run

Track from kickoff tofirst live use

Qualitative review by leadership and
ethics reviewer



Risks & Mitigations

Risk: AI "hallucinations" — generating plausible but false information.

Mitigation: Always maintain a human review step for any Al output that will be used
externally or inform a decision. Train staff to check key claims against original sources. Build a
culture where it is normal and expected to verify Al outputs.

Risk: Data privacy breaches when inputting sensitive informationinto Al tools.

Mitigation: Never input personally identifiable information (PII) or sensitive beneficiary data
into public Altools without legal review. Review each tool's data retention and privacy
policies. Use enterprise plans that offer data privacy protections where available. Develop a
clear organizational policy specifying what categories of data may and may not be input into
Al systems.

Risk: Staff resistance and fear of job displacement.

Mitigation: Frame Al as a tool to free staff from drudge work so they can do more meaningful
work —and mean it. Involve staff in selecting and designing Al applications. Be explicit that
the organization does not plan to reduce headcount as a result of Aladoption. Create
psychological safety for experimentation and failure.

Risk: Algorithmic bias producing outputs that harm marginalized communities.

Mitigation: Audit Al outputs specifically for bias when they relate to communities your
organization serves. Be especially cautious when Al is used in any decision-making process
that affects individuals (e.g., prioritizing beneficiaries, screening applications). Seek diverse
perspectives in reviewing Al outputs and design processes.

Risk: Over-reliance on Al, leading to loss of institutional knowledge and human skills.
Mitigation: Maintain human capacity for critical functions. Document institutional knowledge
independently of Altools. Regularly practice core skills without Al assistance. Treat Alas
augmentation, not replacement.

Implementation Checklist

e [] Completed Al vocabulary session with relevant staff

e [] Conducted pain point inventory and identified top candidates for Alaugmentation

e [] Assessed organizational readiness across four dimensions (Data, Staff, Governance,
Mission)

e [] Identified one specific, bounded use case for a pilot

e [] Reviewed data privacy implications of selected tool

e [] Defined pilot success metrics and human review process

e [] Completed four-to-six-week pilot with documentation

e [] Reviewed pilot results and shared learnings across organization

e [] Drafted a one-page playbook for successful pilot applications

e [] Identified next use case for expansion



Glossary

Al Agent: A software system that perceives its environment, makes decisions, and takes
actions to achieve a defined goal — often across multiple steps and using multiple tools —
with minimal moment-to-moment human intervention.

Automation: Rule-based software that executes predefined tasks without learning or
adaptation. Faster and more reliable than manual work but unable to handle novel situations.

Large Language Model (LLM): The type of Alsystemunderlying tools like ChatGPT and
Claude. Trained on vast amounts of text, LLMs can generate, summarize, translate, and
analyze language in contextually sophisticated ways.

Hallucination: A term for when an Al system generates information that is plausible-sounding
but factually incorrect. A known limitation of current LLMs that makes human review
essential.

Human-in-the-Loop: A design principle ensuring that a human reviews or approves Al outputs
before they are used — especially before anything is sent externally or used in a
consequential decision.

Prompt: The instruction or input you give to an Al system. The quality of your prompt
significantly affects the quality of the AI's output."Prompt engineering" is the practice of
crafting effective prompts.

Workflow Agent: An Alagent that manages a sequence of tasks across multiple tools or
systems, routing information and triggering actions based on defined logic and Aljudgment.

Bias (Algorithmic): The tendency of Alsystems to produce outputs that reflect and
sometimes amplify the biases present in their training data, potentially disadvantaging certain
groups or producing discriminatory results.

Data Privacy: The rights and obligations around collecting, storing, using, and sharing
personal data. Especially relevant for NGOs working with vulnerable populations whose
data must be protected.

TechSoup: A global nonprofit that provides technology resources, training, and support to
NGOs —including guidance on responsible Al adoption. A key resource for NGOs exploring
Altools.

References

1. McKinsey Global Institute. 7he Economic Potential of Generative AL: The Next Productivity
Frontier. McKinsey & Company, 2023.

2.Stanford Social Innovation Review. A7 for Social Good: Opportunities and Risks for
Nonprofits. SSIR, 2024.

3.OECD. Artificial Intelligence in Society. OECD Publishing, Paris, 2019.
4. TechSoup. Al Tools for Nonprofits: A Practical Guide. TechSoup, 2024.



5.Digital Civil Society Lab, Stanford PACS. Understanding the Risks of Al for Civil Society.
2023.

6.Reisman, Dillon et al. Algorithmic Impact Assessments: A Practical Framework for Public
Agency Accountability. Al Now Institute, 2018.

7.NetHope. Responsible Al in the Humanitarian Sector. NetHope, 2023.
8. Amnesty International Tech. Principles for Responsible AI Use in Human Rights Work. 2023.
9.Forum One. The State of Digital in the Nonprofit Sector. Forum One, 2024.

10. Meehan, William F., and Kim Starkey Jonker. Engine of Impact: Essentials of Strategic
Leadership in the Nonprofit Sector. Stanford University Press, 2017.



